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(I) (a) Example 2: Anomaly Detection by Variational Auto-Encoder (VAE)
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: : : [ : I (b) Example 3: Segmentation by U-Net
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() Example 1: Saliency Region by Class Activation Map (CAM)
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# definition of pipeline optionli Lo
def optionl(): e SI4PIPELINE
X, ¥ = plp.make_dataset() STEP1: Upload data
y = plp.mean_value_imputation(X, y) R —— R
0 = plp SD'Ft_iPDd(K_, Y E’.E’Z] — STEP2: Define and execute pipeline
X, v = plp.remove_outliers(X, y, 0) o et | snepiot ——
M = plp.marginal_screening(X, vy, 5) :
X = plp.extract_features(X, M)
M1 = plp.stepwise feature_selection(X, y, 3) Fﬂﬁ-ﬂ I —
M2 = plp.lasso(X, y, ©.88) ] _J[”’
M = plp.union(M1, M2)
\\\¥ return plp.make_pipeline(output=M)
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